Reviewer 1
The paper titled "Predicting Software Energy Consumption Using Time Series-Based Recurrent Neural Network with Natural Language Processing on Stack Overflow Data" presents a novel approach to understanding and predicting energy consumption in software development through the application of deep learning models, particularly Recurrent Neural Networks (RNNs) and Long Short-Term Memory (LSTM) networks, combined with Natural Language Processing (NLP) techniques. Summary and Key Contributions The paper focuses on the following key areas: 
1. Motivation and Background: The authors emphasize the growing concern among software developers regarding energy consumption. They highlight that despite the availability of various tools and methodologies to enhance energy efficiency, there is limited understanding of how developers approach energy consumption in software development. 
Response: Thank you for highlighting this important concern. We acknowledge the growing awareness among software developers regarding energy consumption and appreciate the reviewer's insight into the existing gap in understanding developers' approaches to this issue. In response to this comment, we will enhance our article by incorporating a detailed analysis of current tools and methodologies aimed at improving energy efficiency in software development.

2. Data Utilization: The study leverages Stack Overflow (SO) data to analyze developers' discussions and concerns related to energy consumption. SO, being a major platform for software developers, provides a vast amount of relevant data that can be mined for insights. 
Response: Thank you for recognizing the value of using Stack Overflow (SO) data in our study. We agree that Stack Overflow is a significant platform for gathering insights on developers' discussions and concerns, given its extensive user base and the depth of technical discourse available. In response to the reviewer's comment, we will elaborate on how Stack Overflow data was utilized to identify and analyze key discussions related to energy consumption. 


3. NLP and Time Series Prediction: The core of the paper's methodology involves using NLP techniques to process and analyze the textual data from SO. The authors employ a lexicon-based sentiment analysis approach to extract relevant energy-related queries. They then use a Temporal RNN combined with LSTM to predict energy consumption trends based on the time series data derived from these queries. 
Response: Our methodology centers on employing Natural Language Processing (NLP) techniques to process and analyze textual data sourced from Stack Overflow. We specifically use a lexicon-based sentiment analysis approach to identify and extract energy-related queries from the vast corpus of developer discussions. This approach allows us to gauge the sentiment and focus of these queries regarding energy consumption. Following the extraction of relevant queries, we utilize a Temporal Recurrent Neural Network (RNN) combined with Long Short-Term Memory (LSTM) networks. This hybrid model is employed to predict energy consumption trends based on the time series data derived from the extracted queries. The use of Temporal RNN and LSTM is aimed at capturing temporal dependencies and trends within the energy-related discussions over time, enhancing the accuracy of our predictions.


4. Experimental Validation: The authors validate their model through extensive experiments, comparing it with existing models like CNN+BERT and traditional RNNs. Their proposed Temp_RNN+LSTM model demonstrated superior performance across several metrics, including battery drain, CPU usage, network traffic, and overall energy consumption. Strengths
Response: Thank you for acknowledging the strengths of our model validation. We appreciate your recognition of the extensive experiments conducted and the comparative analysis with existing models.
5. Innovative Approach: The integration of NLP with time series prediction in the context of software energy consumption is a unique and forward-thinking approach. This combination allows for a nuanced understanding of developers' concerns and the potential for predictive analytics in energy efficiency.
Response: Thank you for your positive feedback on the integration of NLP with time series prediction in our study. We are delighted to hear that you find this approach unique and forward-thinking.
6. Comprehensive Experimental Analysis: The paper provides a thorough comparison of the proposed model with existing methods. The detailed analysis of various parameters, such as battery drain and CPU usage, strengthens the validity of their approach. 
Response: Thank you for recognizing the thoroughness of our comparison and the detailed analysis provided in our paper. We appreciate your positive feedback on the examination of various parameters such as battery drain and CPU usage. In our study, we aimed to ensure that the proposed model was rigorously evaluated against existing methods to validate its performance comprehensively.


7. Practical Relevance: By focusing on real-world data from Stack Overflow, the research addresses a practical problem faced by software developers. The findings could be directly applicable to improving energy efficiency in software development practices. Areas for Improvement
Response: Thank you for acknowledging the practical focus of our research and the relevance of our findings to improving energy efficiency in software development practices. In the revised version of the paper, we will address the following area for improvement. We will consider incorporating additional data sources or complementary datasets to strengthen the robustness of our findings and provide a more comprehensive analysis of developers' concerns about energy efficiency.

8. Clarity in Presentation: While the methodology is innovative, certain sections of the paper could benefit from clearer explanations. For example, the description of the Temp_RNN+LSTM model could be more detailed, especially for readers who may not be familiar with advanced neural network architectures. 
Response: Thank you for your constructive feedback regarding the clarity of explanations in our paper. We appreciate your suggestion to provide more detailed descriptions, particularly of the Temp_RNN+LSTM model, to aid readers who may not be familiar with advanced neural network architectures.

9. Broader Contextualization: The paper could provide more context on how the findings relate to existing energy-saving tools and practices in software development. This would help readers understand the practical implications of the research more clearly.

Response: Thank you for your insightful feedback regarding the contextualization of our findings. We agree that providing more context on how our research relates to existing energy-saving tools and practices in software development would enhance the practical implications of our work.

 • Additional Comparisons: The paper compares the proposed model with a few existing models. Including a broader range of baselines or other state-of-the-art methods could further validate the effectiveness of the proposed approach. Conclusion Overall, this paper makes a significant contribution to the field of software energy consumption prediction. The innovative use of NLP combined with time series analysis using RNNs and LSTMs offers a new perspective on how developers' concerns about energy usage can be analyzed and addressed. While there are areas where the clarity and contextualization could be improved, the paper's strengths lie in its novel approach and the practical relevance of its findings. This research could pave the way for more energy-efficient software development practices, driven by insights from community data like Stack Overflow. Relevance The paper is highly relevant to the field of software energy consumption and utilizes advanced techniques such as NLP and time series prediction, which align well with the current research trends. Originality The combination of NLP and RNNs/LSTMs for predicting software energy consumption from Stack Overflow data is a novel approach that offers significant insights into an emerging research area. Academic Contributions : While the paper makes a notable contribution to the field by applying innovative methods, the academic contribution is solid but not groundbreaking. It offers valuable insights, but further exploration and validation could strengthen its impact. Clarity of Expression The paper is generally readable, but some sections could benefit from clearer explanations, particularly the methodological details. This would enhance the reader's understanding and the overall clarity of the paper. Review Suggestions The paper is well-executed and presents novel research, but it requires improvements in clarity and additional contextualization. These adjustments could make it a stronger candidate for acceptance.
Response: Thank you for your thorough review and insightful feedback on our paper. We appreciate your recognition of the novel approach and practical relevance of our research, as well as your suggestions for improvement. We will revise the paper to provide clearer explanations, particularly regarding the methodological details. This will include adding more detailed descriptions and visual aids to improve the reader’s understanding.

REviewer 2
This study examines the concerns of practitioners about energy consumption on Stack Overflow (SO) via the utilization of Lexicon-based Sentiment Analysis, a concept in Natural Language Processing (NLP), combined with recurrent neural networks. The objective is to improve energy efficiency by forecasting time series data. The results of this study indicate that the practitioners' desire to start conversations in the field of energy is closely linked to the utilization of ideas. This analysis of software energy consumption issues may assist academics in identifying the most significant concerns for software developers and end users. The reported article is interesting The paper may be interesting for researchers alike. The readability should be improved in terms of language presentation for better presentation clarity as there are many typos and grammar mistakes. In a few instances, sentence formation can be improved. Revise suitably and carefully The novelty of the papers should be highlighted as bullet points. Highlight practical relevance in comparison to other papers in the open literature. Abbreviations are not expanded at the first occurrences. The paper should be carefully proofread and should strictly adhere to the IEEE style and font size. The proposed model should be documented with a more detailed block diagram and flow diagram. Comparison with more state-of-the-art approaches in the open literature can make the contributions more appealing
[bookmark: _GoBack]Response: Thank you for your valuable feedback on our study. We appreciate your recognition of the paper’s interest and the suggestions for improvement. Typos and grammar mistakes are rectified

